
Short Questions and Answers

1.   What are activation functions in NN?    

Activation functions in neural networks are mathematical functions applied to
the output of a neuron, introducing non-linear properties to the network,
examples include ReLU, sigmoid, and tanh.

2.   Describe the structure of a convolutional neural network (CNN).    

A CNN structure typically consists of convolutional layers (for feature
extraction), pooling layers (for dimensionality reduction), and fully connected
layers (for classification or regression), optimized for analyzing visual imagery.

3.   How do dropout layers help prevent overfitting in NN?    

Dropout layers prevent overfitting by randomly dropping out (ignoring) a
proportion of neurons during training, forcing the network to learn more robust
features that are not reliant on any single neuron.

4.   What is the significance of the learning rate in NN training?    

The learning rate determines the size of the steps taken during the optimization
process. A too small learning rate slows down convergence, while a too large
learning rate can cause the training to diverge.

5.   Compare shallow and deep neural networks.    

Shallow neural networks have fewer hidden layers, making them faster to train
but potentially less capable of capturing complex patterns. Deep neural
networks have more hidden layers, allowing them to learn more complex
features but requiring more data and computational power.

6.   What is SVM in machine learning?    

Support Vector Machine (SVM) is a supervised learning model used for
classification and regression tasks. It finds the hyperplane that best separates
different classes in the feature space.

7.   How is SVM used for classification?    

In classification, SVM finds the optimal separating hyperplane that maximizes
the margin between different classes, using support vectors (data points closest
to the hyperplane) to define the margin.

8.   Explain reproducing kernels in SVM.    



Reproducing kernels allow SVM to operate in a higher-dimensional space
without explicitly computing the coordinates in that space, enabling it to learn
non-linear boundaries.

9.   How does SVM perform regression?    

In regression, SVM predicts continuous values by fitting a hyperplane (or set of
hyperplanes) that deviates from the actual values as little as possible, within a
specified margin.

10.   What is the kernel trick in SVM?    

The kernel trick involves using a kernel function to transform data into a
higher-dimensional space where it is easier to find a linear separating
hyperplane, enabling SVM to perform non-linear classification.

11.   How does KNN handle categorical features?    

KNN handles categorical features by using a distance metric suitable for
categorical data, such as Hamming distance, or by converting categories into
numerical values through encoding.

12.   Explain the distance metrics used in KNN.    

Common distance metrics include Euclidean (for continuous features),
Manhattan (for grid-like distance calculations), and Hamming (for categorical
features).

13.   Compare weighted KNN to the standard KNN.    

In weighted KNN, neighbors are weighted based on their distance from the
query point, giving closer neighbors more influence on the prediction, while
standard KNN weighs all neighbors equally.

14.   How does KNN perform in large datasets?    

KNN can be computationally expensive and slow on large datasets because it
requires calculating the distance between the query instance and all training
samples for each prediction.

15.   What preprocessing steps are beneficial for KNN?    

Beneficial preprocessing steps include feature scaling, dealing with missing
values, and feature selection to remove irrelevant or redundant features.

16.   What is unsupervised learning?    



Unsupervised learning is a type of machine learning where models are trained
on data without labels, aiming to discover underlying patterns, clusters, or
associations in the data.

17.   Explain the concept of cluster analysis.    

Cluster analysis is an unsupervised learning technique used to group data points
into clusters where points in the same cluster are more similar to each other than
to points in other clusters.

18.   What are association rules in unsupervised learning?    

Association rules are used to find relationships between variables in large
datasets, commonly used in market basket analysis to identify items that
frequently co-occur in transactions.

19.   How is principal component analysis (PCA) used in machine learning?    

PCA is used for dimensionality reduction by transforming data into a smaller
number of uncorrelated variables (principal components) while retaining most
of the variability in the data.

20.   Describe the application of unsupervised learning to customer
segmentation.    

Unsupervised learning, through cluster analysis, can group customers into
segments based on similarities in their purchasing behavior, demographics, or
interactions, helping businesses tailor their strategies.

21.   What is gradient boosting?    

Gradient boosting is a machine learning technique for regression and
classification problems, which produces a prediction model in the form of an
ensemble of weak prediction models, typically decision trees.

22.   Define numerical optimization in machine learning.    

Numerical optimization in machine learning refers to the process of adjusting a
model's parameters to minimize or maximize a specified objective function over
the model's predictions and the actual values.

23.   How is gradient boosting applied to spam data classification?    

Gradient boosting is applied to spam data classification by sequentially adding
decision trees that correct the misclassifications of previous trees, improving the
model's ability to distinguish between spam and non-spam emails.



24.   Explain gradient boosting for housing price prediction with California
housing data.    

For housing price prediction, gradient boosting uses features of California
housing data (like location, size, etc.) to sequentially train decision trees, where
each tree learns to correct errors made by the previous trees, improving
accuracy.

25.   Describe the use of gradient boosting in analyzing New Zealand fish
data.    

Gradient boosting analyzes New Zealand fish data by building an ensemble of
decision trees to predict fish species or quantities based on characteristics like
size, habitat, and season, enhancing predictive accuracy.

26.   How can demographic data benefit from gradient boosting?    

Demographic data can benefit from gradient boosting by using it to predict
outcomes like income levels, education outcomes, or health indicators from
demographic variables, improving decision-making and policy development.

27.   What is the difference between gradient boosting and AdaBoost?    

The main difference is in how they adjust the weights for misclassified data.
AdaBoost adjusts weights of incorrectly classified instances, while gradient
boosting fits successive trees to the residual errors of the previous trees.

28.   How does gradient boosting handle overfitting?    

Gradient boosting handles overfitting by using techniques like subsampling the
data for training individual trees, applying regularization methods, and stopping
the training process early (early stopping).

29.   Explain the role of learning rate in gradient boosting.    

The learning rate in gradient boosting scales the contribution of each tree. A
smaller learning rate requires more trees but can lead to better generalization
and performance.

30.   What are loss functions in gradient boosting?    

Loss functions in gradient boosting measure the difference between the actual
and predicted values. The choice of loss function depends on the type of
problem (regression or classification).

31.   Describe the role of the C parameter in SVM.    



The C parameter in SVM controls the trade-off between achieving a low
training error and maintaining a small margin. A higher C value may lead to a
more complex model that risks overfitting.

32.   How does SVM handle non-linear data?    

SVM handles non-linear data by using kernel functions to map the input space
to a higher-dimensional feature space where linear separation is possible.

33.   Compare SVM and logistic regression.    

Both SVM and logistic regression are used for classification, but SVM focuses
on maximizing the margin between classes, while logistic regression models the
probability of class membership. SVM can be more effective for
high-dimensional data.

34.   What are support vectors in SVM?    

Support vectors are the data points closest to the hyperplane that influence its
position and orientation. They are critical elements defining the boundary
between classes.

35.   Discuss the importance of feature scaling in SVM.    

Feature scaling is crucial in SVM because it ensures that all features contribute
equally to the distance calculation, affecting the hyperplane's placement and the
model's performance.

36.   What is K-nearest Neighbor in machine learning?    

K-nearest Neighbor (KNN) is a simple, non-parametric algorithm used for
classification and regression that predicts the label of a data point by looking at
the 'k' closest labeled data points and taking a majority vote or average.

37.   How is KNN used for image scene classification?    

In image scene classification, KNN classifies images by comparing their
features (like color, texture) to those of k-nearest images in the training set,
assigning the most frequent label among the neighbors.

38.   What factors affect the performance of KNN?    

Factors include the choice of k (number of neighbors), the distance metric used,
the weighting of votes, and the quality and preprocessing of the data.

39.   How do you choose the value of K in KNN?    



The value of K is typically chosen through cross-validation to balance bias and
variance, with smaller values leading to high variance and larger values to high
bias.

40.   Discuss the pros and cons of KNN.    

Pros: Simple to understand and implement, no assumption about data
distribution. Cons: Slow on large datasets, sensitive to irrelevant features and
the scale of the data.

41.   How are decision trees used in gradient boosting?    

Decision trees are used as the base learners in gradient boosting. Each tree is
trained on the residual errors of the previous trees, successively improving the
model's accuracy.

42.   Discuss the importance of feature importance in gradient boosting.    

Feature importance in gradient boosting helps identify which features have the
most influence on the predictions, allowing for insights into the data and the
possibility of model simplification by removing less important features.

43.   How do you tune a gradient boosting model?    

Tuning a gradient boosting model involves adjusting parameters like the number
of trees, learning rate, tree depth, and min samples per leaf, often using
cross-validation to find the best combination.

44.   What are the limitations of gradient boosting?    

Limitations include sensitivity to overfitting with noisy data, the requirement for
careful tuning, and higher computational cost compared to simpler models.

45.   Compare gradient boosting to random forests.    

Both are ensemble methods, but gradient boosting builds trees sequentially to
correct previous errors, while random forests build trees in parallel. Random
forests are more robust to overfitting, while gradient boosting often achieves
higher accuracy.

46.   What is a neural network in machine learning?    

A neural network in machine learning is a computational model inspired by the
human brain's network of neurons, capable of capturing complex patterns and
relationships in data for tasks like classification and regression.

47.   Explain the concept of fitting neural networks.    



Fitting neural networks involves adjusting the network's weights and biases to
minimize the difference between the predicted output and actual output,
typically using backpropagation and an optimization algorithm.

48.   What is backpropagation in neural networks?    

Backpropagation is an algorithm for efficiently computing gradients of the loss
function with respect to the weights of the network, used in the training process
to update the weights in the direction that minimizes the loss.

49.   Discuss issues in training neural networks.    

Issues include overfitting, the vanishing/exploding gradient problem, choosing
the appropriate architecture, setting the learning rate, and the need for large
amounts of training data.

50.   How do neural networks learn non-linear relationships?    

Neural networks learn non-linear relationships through the use of non-linear
activation functions applied to the weighted sum of inputs, allowing the network
to capture complex patterns beyond linear separability.

51.   How does deep learning differ from traditional neural networks?    

Deep learning involves neural networks with many layers (deep networks) that
can capture more complex patterns through a hierarchy of features, compared to
traditional neural networks which typically have fewer layers.

52.   Discuss the application of KNN in recommendation systems.    

KNN is used in recommendation systems to find items or users that are similar
(nearest neighbors) to a particular item or user, recommending items that
neighbors have liked or interacted with.

53.   What is the significance of hyperparameter optimization in SVM?    

Hyperparameter optimization in SVM, such as tuning the C parameter and
kernel parameters, is crucial for finding the best model that balances the margin
with the classification error, directly affecting the model's performance.

54.   How can PCA be used to improve the performance of a classifier?    

PCA reduces the dimensionality of the data, removing noise and redundant
features, which can improve the classifier's performance by simplifying the
model and reducing overfitting.

55.   What challenges arise in training deep neural networks?    



Challenges include the vanishing/exploding gradient problem, requiring large
amounts of labeled data, computational resources, overfitting, and finding the
optimal network architecture.

56.   Compare the efficacy of NN, SVM, and KNN for image classification.    

NN, especially CNNs, are generally most effective for image classification due
to their ability to capture spatial hierarchies in images. SVM can be effective for
smaller datasets or binary classification, while KNN may struggle with
high-dimensional data like images due to the curse of dimensionality.

57.   How can ensemble learning improve model performance?    

Ensemble learning combines predictions from multiple models to improve
accuracy and robustness, reducing the impact of individual model's biases and
variances.

58.   What is the best approach to handle high-dimensional data?    

The best approach may include dimensionality reduction techniques like PCA,
feature selection to remove irrelevant features, and using models like random
forests or deep learning that can handle high-dimensional spaces effectively.

59.   Discuss the trade-offs between precision and recall in classification
models.    

Increasing precision reduces false positives but may increase false negatives,
reducing recall. Balancing precision and recall depends on the application's
requirements, such as prioritizing accuracy (precision) or minimizing missed
positive cases (recall).

60.   How does the choice of algorithm affect the interpretability of the
model?    

Simpler models like decision trees or linear regression offer more
interpretability, showing how input features affect the output directly. Complex
models like deep neural networks provide higher accuracy but are often
considered "black boxes" due to their complexity.

61.   How can domain knowledge be incorporated into feature engineering?    

Domain knowledge can guide the creation of meaningful features, selection of
relevant data, and interpretation of model results, enhancing model performance
and applicability to real-world problems.

62.   What are the implications of GDPR for machine learning models?    



GDPR implications include the need for transparency in data processing,
ensuring data privacy, providing explanations for automated decisions, and the
right to be forgotten, affecting how models are developed and deployed in the
EU.

63.   How does the scalability of the algorithm impact its choice for large
datasets?    

The scalability of an algorithm determines its suitability for large datasets;
algorithms that scale well can handle large volumes of data efficiently, while
those that do not may become impractical due to computational or memory
constraints.

64.   What are the challenges in real-time predictions with SVM?    

Challenges include the need for efficient implementation to handle the
computational complexity, especially with large datasets or non-linear kernels,
and ensuring low latency in prediction.

65.   How can transfer learning be applied to neural networks?    

Transfer learning involves using a neural network trained on a large dataset (like
ImageNet) and adapting it to a specific task with a smaller dataset by
fine-tuning the weights or retraining some layers, leveraging learned features.

66.   Discuss the impact of quantum computing on machine learning
algorithms.    

Quantum computing has the potential to significantly speed up certain
computations, including optimization and sampling tasks, potentially enabling
more complex models and solving machine learning problems that are currently
intractable.

67.   What are the emerging trends in unsupervised learning?    

Emerging trends include the development of more robust clustering algorithms,
advances in dimensionality reduction techniques, and the integration of
unsupervised learning with deep learning models to discover complex patterns
without labeled data.

68.   How is machine learning being applied in healthcare for predictive
analytics?    

Machine learning in healthcare is used for predictive analytics in diagnosing
diseases, predicting patient outcomes, personalizing treatment plans, and
managing healthcare resources efficiently.

69.   What role does machine learning play in cybersecurity?    



Machine learning aids in cybersecurity by detecting anomalies and patterns
indicative of cyber threats, automating threat detection, and responding to
security incidents more efficiently.

70.   How are generative adversarial networks (GANs) transforming machine
learning?    

GANs are transforming machine learning by generating realistic synthetic data,
improving semi-supervised learning, enhancing image and video quality, and
enabling creative content generation.

71.   Compare supervised and unsupervised learning.    

Supervised learning uses labeled data to train models for specific prediction
tasks, while unsupervised learning finds patterns or structures in unlabeled data.

72.   How do you determine the number of clusters in K-means clustering?    

The number of clusters in K-means can be determined using methods like the
Elbow method, which looks for a point where adding more clusters doesn't
significantly improve the variance explained.

73.   What is dimensionality reduction, and why is it important?    

Dimensionality reduction reduces the number of input variables in a dataset,
which is important for simplifying models, reducing computation time, and
addressing the "curse of dimensionality."

74.   Explain hierarchical clustering and its types.    

Hierarchical clustering creates a tree of clusters. It has two types: agglomerative
(bottom-up approach, starting with each data point as a single cluster and
merging them) and divisive (top-down, starting with all points in one cluster and
dividing).

7.   Discuss the challenges in unsupervised learning.    

Challenges include determining the right number of clusters, interpreting the
results without labeled data, and the potential for high dimensionality making
clustering more difficult.

76.   What is a random forest in machine learning?    

A random forest is an ensemble learning method that constructs multiple
decision trees during training and outputs the mode of the classes
(classification) or mean prediction (regression) of the individual trees.

77.   How does random forest perform classification?    



Random forest performs classification by constructing multiple decision trees
and taking the majority vote of their predictions as the final output.

78.   Explain the concept of bagging in random forests.    

Bagging, or bootstrap aggregating, involves training each tree on a random
subset of the data (with replacement), then aggregating their predictions to
improve model accuracy and reduce overfitting.

79.   What is feature importance in random forests?    

Feature importance in random forests measures the contribution of each feature
to the prediction accuracy of the model, highlighting which features are most
influential in making predictions.

80.   How do random forests handle missing values?    

Random forests can handle missing values by using surrogate splits (finding
alternative splits in the data), or by imputing missing values based on the
median (for numerical) or mode (for categorical) of each feature.

81.   Compare random forests and decision trees.    

Random forests are an ensemble of decision trees, generally more robust and
accurate due to aggregation reducing overfitting. Decision trees are simpler but
can be prone to overfitting.

82.   Discuss overfitting in random forests.    

While random forests are less prone to overfitting than individual decision trees
due to their ensemble nature, overfitting can still occur with very complex trees
or if the data contains a lot of noise.

83.   How do you tune a random forest model?    

Tuning involves adjusting parameters like the number of trees, the depth of
trees, min samples per split, and the number of features considered for splitting
at each leaf node.

84.   What are the advantages of using random forests?    

Advantages include high accuracy, robustness to outliers and noise, ability to
handle missing values, and providing feature importance scores.

85.   Explain the role of tree depth in random forests.    

Tree depth in random forests affects model complexity. Deeper trees can capture
more detailed patterns but risk overfitting, while shallower trees may not
capture enough complexity.



86.   How can gradient boosting be optimized for large datasets?    

Optimizing gradient boosting for large datasets involves techniques like using
subsampling or stochastic gradient boosting, optimizing the learning rate, and
employing parallel processing.

87.   Describe the use of neural networks in natural language processing
(NLP).    

Neural networks, especially recurrent neural networks (RNNs) and
transformers, are used in NLP for tasks like language translation, sentiment
analysis, and text generation by capturing the sequential nature and context of
language.

88.   How are SVMs applied in bioinformatics for classification problems?    

SVMs are applied in bioinformatics to classify biological data, such as gene
expression or protein sequences, by finding the hyperplane that best separates
different classes in high-dimensional spaces.

89.   What is the role of unsupervised learning in anomaly detection?    

Unsupervised learning identifies patterns or data points that do not conform to
expected behavior (anomalies) without labeled examples, useful in fraud
detection, system health monitoring, and outlier detection.

90.   Explain the use of random forests in feature selection.    

Random forests can be used for feature selection by evaluating the feature
importance scores they generate, allowing for the identification and selection of
the most relevant features for the model.

91.   Compare the computational complexity of training NN and SVM.    

Training neural networks, especially deep networks, can be computationally
intensive due to the large number of parameters and complex architectures.
SVM training complexity depends on the dataset size and the choice of kernel,
potentially requiring significant computation for large datasets or non-linear
kernels.

92.   How do boosting algorithms enhance weak learners?    

Boosting algorithms improve weak learners by sequentially training models to
correct the previous models' errors, combining them into a strong learner that
performs better than any individual model.

93.   What strategies can be used to handle imbalanced datasets in SVM?    



Strategies include using different class weights to penalize misclassifications of
the minority class more, oversampling the minority class, undersampling the
majority class, or using synthetic data generation techniques like SMOTE.

94.   How do neural networks handle tabular data compared to random
forests?    

Neural networks can model complex relationships in tabular data but may
require careful feature preprocessing and architecture design. Random forests
naturally handle tabular data well, are less sensitive to feature scaling, and
provide good performance with default settings.

95.   Discuss the benefits of combining supervised and unsupervised learning
methods.    

Combining supervised and unsupervised learning, such as using unsupervised
methods for feature discovery or dimensionality reduction followed by
supervised learning for prediction, can lead to improved model performance and
insights from the data.

96.   What considerations are important for deploying machine learning models
in production?    

Important considerations include model performance, scalability, latency,
integration with existing systems, monitoring and updating models based on
new data, and ensuring data privacy and security.

97.   How can cross-validation be applied to assess the performance of NN?    

Cross-validation in neural networks involves dividing the data into training and
validation sets multiple times, training the network on each training set, and
validating on the corresponding validation set to assess performance and
generalization.

98.   What are the common pitfalls in interpreting model evaluations?    

Common pitfalls include over-reliance on a single metric, failing to consider the
model's fairness or bias, ignoring the confidence intervals or variability in
performance, and not accounting for the impact of class imbalance.

99.   How do you ensure the ethical use of machine learning in sensitive
applications?    

Ensuring ethical use involves transparency in how models make decisions,
auditing for bias and fairness, ensuring data privacy, obtaining informed consent
when using personal data, and considering the societal impact of the application.

100.   Discuss the role of data quality in machine learning outcomes.    



Data quality is critical for machine learning outcomes; poor quality data can
lead to inaccurate models, while high-quality, relevant data can improve model
accuracy and reliability.

101.   How can machine learning optimize supply chain management?    

Machine learning optimizes supply chain management by forecasting demand,
optimizing inventory levels, improving logistics, and identifying inefficiencies,
leading to cost reduction and improved customer satisfaction.

102.   Discuss the application of KNN in social media analysis.    

KNN is applied in social media analysis to classify content, such as sentiment
analysis or topic categorization, based on similarities to known examples,
enhancing content filtering and recommendation systems.

103.   How does machine learning enhance user experience in e-commerce?    

Machine learning enhances the user experience in e-commerce by personalizing
recommendations, optimizing search results, predicting customer behavior, and
automating customer service interactions.

104.   What challenges does machine learning face in real estate valuation?    

Challenges include dealing with heterogeneous data, capturing the nuances of
location and property features, and addressing data sparsity and quality issues in
real estate markets.

105.   How are random forests used in credit scoring?    

Random forests are used in credit scoring to classify individuals'
creditworthiness based on historical financial data, improving the accuracy of
risk assessment and decision-making in lending.

106.   What is the impact of machine learning on personalized marketing?    

Machine learning impacts personalized marketing by analyzing customer data to
tailor marketing messages, predict customer preferences, and deliver
personalized content and recommendations, enhancing engagement and
conversion rates.

107.   Discuss the ethical considerations of machine learning in surveillance.    

Ethical considerations include privacy rights, potential biases in surveillance
algorithms, the transparency of data use, and the implications of automated
decision-making on individual freedoms.

108.   How can bias in machine learning algorithms be addressed?    



Bias can be addressed by ensuring diverse and representative training data,
regularly auditing algorithms for bias, and employing techniques to correct
biases in the data or model.

109.   What are the privacy concerns with using machine learning in personal
data analysis?    

Privacy concerns include unauthorized data access, the potential for
re-identification in anonymized datasets, and the use of personal data for
making automated decisions without consent.

110.   How does machine learning influence job markets and employment?    

Machine learning influences job markets by automating tasks, potentially
displacing certain jobs while creating demand for new skills and roles in AI
development, data analysis, and machine learning ethics.

111.   What are the societal impacts of predictive policing using machine
learning?    

Societal impacts include concerns over bias and fairness, the potential for
reinforcing existing inequalities, and the implications for civil liberties and
community trust in law enforcement.

112.   How do advancements in hardware affect machine learning algorithms?    

Advancements in hardware, such as GPUs and TPUs, significantly improve the
training and inference times of machine learning algorithms, enabling more
complex models and larger datasets to be used.

113.   What are the challenges of dataset curation for training machine learning
models?    

Challenges include ensuring data quality and relevance, addressing biases in the
data, dealing with missing or noisy data, and obtaining sufficient labeled data
for supervised learning tasks.

114.   How does noise in data affect the accuracy of machine learning
models?    

Noise in data can lead to inaccuracies in model predictions, reducing the overall
performance and reliability of machine learning models by obscuring the true
patterns in the data.

115.   Discuss the challenges of multi-language support in NLP models.    



Challenges include dealing with linguistic diversity, handling idiomatic
expressions, varying syntactic structures, and the scarcity of training data for
less common languages.

116.   How can the reproducibility of machine learning experiments be
ensured?    

Ensuring reproducibility involves documenting the data processing steps, model
configurations, and experimental settings, and sharing code and datasets when
possible to enable others to replicate the results.

117.   What is the future of reinforcement learning in AI?    

The future of reinforcement learning in AI includes more sophisticated
decision-making systems, autonomous robots, and personalized AI agents, with
applications in gaming, autonomous vehicles, and personalized
recommendations.

118.   Discuss the role of machine learning in environmental modeling.    

Machine learning contributes to environmental modeling by predicting climate
change impacts, analyzing ecosystem dynamics, optimizing natural resource
management, and monitoring pollution levels.

119.   How can machine learning contribute to solving social issues?    

Machine learning can contribute to solving social issues by analyzing social
data for insights, optimizing resource allocation for social services, and
predicting and mitigating adverse societal impacts.

120.   What advancements are being made in explainable AI (XAI)?    

Advancements in XAI include the development of techniques and tools that
provide insights into how machine learning models make decisions, aiming to
make AI systems more transparent, understandable, and trustworthy.

121.   How does machine learning integrate with IoT devices?    

Machine learning integrates with IoT devices by analyzing data collected from
sensors and devices to make predictions, automate decisions, and provide
intelligent services in applications like smart homes, health monitoring, and
industrial automation.

122.   How is machine learning applied in financial fraud detection?    

Machine learning is applied in financial fraud detection by analyzing transaction
patterns to identify anomalies indicative of fraud, enhancing the ability to detect
and prevent fraudulent activities in real-time.



123.   Discuss the use of machine learning in autonomous vehicle technology.    

Machine learning in autonomous vehicle technology involves processing sensor
data to make decisions about navigation, obstacle avoidance, and route
optimization, enabling safer and more efficient autonomous driving.

124.   How are SVMs used in stock market prediction?    

SVMs are used in stock market prediction by classifying patterns in financial
data to predict market trends, stock prices, or the likelihood of specific market
events.

125.   What is the role of neural networks in speech recognition?    

Neural networks, especially deep learning models like RNNs and CNNs, play a
crucial role in speech recognition by modeling the temporal sequences and
complex patterns in audio data for accurate transcription and understanding.


